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1. Protein model quality estimation problem

Stacked deep residual neural networks
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4. Results

The ability of single-model quality estimation methods to distinguish good and bad models in CASP12 and
CASP13 stage 2 datasets

5. Conclusions

" Performance comparison of single-model quality estimation methods on CASP12

: Utilizing the ensemble of deep
. and CASP13 stage 2 datasets

Performance comparison of deep ResNets models used in .
| residual neural networks potentially

QDeep with other deep learning architectures
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